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Abstract- Electronic commerce is the phenomenon of buying andselling of 

goods and services on the Internet system. Apart frombuying and selling, so 

many people are using Internet as a sourceof information look at the latest 

products on offer or to comparepricesbeforetobuy.TheE-

commercesystemsareusuallyestimated as the prominent resources that give 

user’s experience,feelings,andinteresttopurchaseitemsbyusingConsumers’views. 

This type of data involves consumers’ views on productsthat can show interest, 

sentiments, and expressions. The 

differentresearchideashaveshownthatpeoplearemorelikelytotrusteachotherwith 

thesame attitudetoward similar things. 

Inthispaper,weconsiderbothseekingandacceptingsentiments and suggestions in 

E-commerce systems represents aform of trust between consumers during 

shopping. Based on thispoint, an E-commerce system reviews mining oriented 

sentimentsimilarityanalysisapproachisputforwardtoexploreusers’similarityandth

eirtrust.Basicallywecandividethetrustintotwocategories, namely direct trust, and 

propagation of trust, 

whichgivesatrustrelationshipbetweentwoindividuals.Thedirecttrustdegree is 

obtained from sentiment similarity, and we present anentity-sentiment word pair 

mining method for similarity featureextraction. The propagation of trust is 

calculated according to thetransitivity feature. The shortest path to describe the 

tightness oftrustandputforwardanimprovedshortestpathalgorithmtofigureout the 

propagation trust relationship between users using theproposed trust model. A 

large-scale E-commerce reviews 

datasetiscollectedtoexaminetheaccuracyofthealgorithmsandfeasibilityofthemode

ls.Theexperimentalresultsindicatethatthesentiment similarity analysis can be an 

efficient method to findtrustbetween users in E-commerce systems. 
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1.INTRODUCTION 

Reviews from consumers are 

very significant data in E-

commerce systems. Many online 

shops have developed reviews 

system for users to post their 

reviews. With the quick 

development of person to person 

communication media, more and 

more people will share their 

feelings, sentiments and 

suggestions on their purchased 

items with their friends or even 

strangers in interpersonal 

organization applications or E-

commerce systems. These 

reviews can be very useful for 

people's decision making in 

many different scenarios, for 

example, users' preference 

mining and personalized 

recommendation [1], [2]. At 

present, more and more review 

mining based applications are 

being applied to make our 

decision process easier than 

before. These applications have 

greatly changed people's 

behavior patterns, especially in 

E-commerce activities. For 

example, when people need to 

purchase an item, book a hotel or 

restaurant, they normally request 

advice from their friends as well 

as refer to reviews available 

online. To adjust to this change, 

many acclaimed E-commerce 

companies, for example, 

Amazon, eBay and Taobao 

(China), have developed well-

function consumer 

reviewsystems. 

Online experience from different 

people can help one make 

decisions. In this case, people 

and their experience are required 

to be trusted by others. It makes 

sense that we ordinarily request 

advice from our friends or 

relatives before we make a 

decision. Yet, the question is, the 

reason people are inclined to rely 

on strangers in cyber space to 

make decision? Researchers 

locate an essential reason for that 

is their absence of trust in 

companies that they just 

experience through the web 

medium [3], [4]. The virtual 

nature of the web medium 

challenges conventional 

understanding of customer trust. 

In E-commerce scenario, 

customers have no possibility to 

have a face-to-face interaction 

with a salesman or a direct 

physical experience with the 

store and the items they need to 

purchase. On one hand, their 

experience is mediated through 

the web which is a two- 

dimensional graphical showcase. 

They for the most part feel 

somewhat lost and need someone 

to give them advices. Then 

again, reviews from consumers 

who purchase an item have direct 

physical experiences with it, are 

seem to be more reliable than 

vendor's advancements or 

advertising words. 

However, E-commerce websites 

as a rule accumulate large scale 

text based reviews which records 
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authentic commentary around 

one subject or item. Ordinarily, 

consumers are unable to 

recognize which reviews can be 

trusted under so large data. 

Different consumers can hold 

different aspects and standpoints 

in viewing things. And their 

attitudes, interests, preferences, 

etc. will fluctuate greatly towards 

the items or services. Some users 

give a positive rating because 

they like certain attributes of the 

item, while others give a 

negative rating because they 

don't like these attributes. 

Therefore, it is impossible for a 

consumer to judge whose 

reviews are suitable and which 

users can be trusted. The 

consumers urgently need to be 

established a trust between other 

users, which give the reviews he 

can trusts, provide him with a 

sentiment reference, and shield 

the untrusted comments to 

prevent misleading to the user 

when he needs to purchase an 

item [1], [5]. 

2.LITERATURE SURVEY 

Michael Jahreret. al [1], 

proposed a systemwhich help the 

users to find out data items 

within large web shops, 

tonavigate through portals or to 

find friends with similar 

interests. The most interesting 

applications for recommender 

system havethousands of users 

which generate huge volume of 

data. For example, online shops 

collect purchase data and provide 

each user witha personalized 

shopping page on the login. The 

sources of information used for 

the recommender system can be 

common. Usersgenerate actions 

like thepurchaseof aproduct, 

rating 

aproduct,creatingabookmarkorcli

cking 

onaspecificdataitem.Independent

ly of the area of applicationor the 

type of information used, it is a 

majorgoal to increase the 

accuracy while retainingthe 

capability of being able to usebig 

datasets.Generating more 

accurate predictions is ofgeneral 

interest.Fora subscriptionservice 

like Netix, good 

recommendations are a key to 

customer loyalty. In the case of 

online stores better 

recommendations 

directlyincrease the revenue. The 

system provide a systematic 

empirical analysis of different 

blending methods on the Netix 

dataset. TheNetix dataset is one 

of the largest available 

benchmark datasets for 

collaborative filtering algorithms 

today. It contains about 

108ratings, collected inatime 

period of 7years. The 

systemdiscuss and test several 

promising algorithms 

forblending, includingneural 

network blending‟s, bagged 
gradient boosted decisiontrees, 

and kernel ridge regression. Our 
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results show that linearblending 

is not optimal, and that it can be 

significantly outperformed by the 

presented methods. These 

methods are not limited 

toblendingcollaborativefilteringp

redictors;theycanbeusedforsuper

visedregressionproblems 

ingeneral. 

 

Yu Zhang et. al [2], proposed a 

Collaborative filtering method 

which is an effective 

recommendation approach based 

onthe intuitive idea that the 

preference of a user can be 

predicted by exploiting the 

information about other users 

which share similarinterests. The 

Collaborative techniques exploit 

past activities of the users, such 

as their transaction history or 

product satisfactionexpressed in 

ratings, to predict the future 

activities of the users. In recent 

years, collaborative filtering 

based recommendationsystems 

have become increasingly 

popular because it is generally 

much easier to collect thepast 

activities of users than 

theirprofiles, partially due to 

privacy considerations. 

Collaborative filtering is an 

effective recommendation 

approach in which 

thepreferenceofauseronadataitem

ispredictedbasedonthepreference

sofotheruserswithsimilarinterests

.Abigchallengeinusing 

collaborative filtering methods is 

the data sparsity problem which 

often arises because each user 

typically only rates very 

fewitems and hence the rating 

matrix is extremely sparse. In 

this paper, the authoraddress the 

problem by considering 

multiplecollaborative filtering 

tasks indifferent domains 

simultaneously and exploiting 

the relationships 

betweendomains.The 

maindisadvantageofthismethodis

amulti-

domaincollaborativefiltering 

problem. 

 

Raghunandan H. Keshavanet. 

al [3], studied a low complexity 

algorithm, based on a 

combination of spectral 

techniquesand manifold 

optimization. The system that 

proves performance guarantees 

that are order-optimal in a 

number of 

circumstances.Collaborative 

filtering was studied from a 

graphical models perspective 

which introduced an approach to 

prediction based onRestricted 

Boltzmann Machines (RBM). 

Exact learning of the model 

parameters is intractable for such 

models, but the 

authorsstudiedtheperformancesof

acontrastivedivergence,whichco

mputesanapproximategradientoft

helikelihoodfunction,andusesit to 

optimize the likelihood locally. 

Based on empirical evidence, it 

was argued that RBM‟s have 
several advantages over 
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spectralmethods for collaborative 

filtering. An objective function 

analogous to the one used in the 

present paper was considered 

early on 

inSrebroandJaakkola,whichuses 

gradientdescentinthefactorstomin

imizeaweightedsumofsquareresid

uals. 

Morgan Harvey et. al [4], 

implemented content filtering 

systems, based on techniques 

from information retrieval, 

aredesigned to assist in this 

process by narrowing down the 

number of items a user has to 

look through in order to fulfil a 

particularinformation need. 

These systems rely on textual 

descriptions of items and seek to 

match these descriptions with a 

user‟s profile inorder to suggest 
useful items. One significant 

issue with this content-based 

filtering is that for some types of 

items it can beextremely difficult 

to choose suitable descriptive 

terms to search for. Another, 

more accurate, approach to 

discovering items ofinterest is 

provided by ratings-based 

collaborative filtering systems, 

which use past ratings to predict 

items the user may like. 

Suchsystems predict which items 

a given user will be interested in 

based on the information 

provided in their user profile. 

These 

profilesconsistofvotesorratingsfo

ritemsinthesystemthattheuserhas

alreadyviewedandevaluated. 

 

HaoMaet. al[5], provided the 

process of trust generation is a 

unilateral action that does not 

require user to confirm 

therelationship. This also 

indicates that user does not need 

to even know user inthe real life. 

“Social friendships” refer to 

thecooperative and mutual 

relationships that surround us, 

such as classmates, colleagues, 

or relatives, etc. Lots of social 

networkingWeb sites, like 

Facebook and Orkut, are 

designed for online users to 

interact and connect with their 

friends in the real life. From 

thedefinition, it can see that 

trust-aware recommender 

systems cannot represent the 

concept of “social 

recommendation”, since the 

ideaof “social recommendation” 
anticipates to improve 

recommender systems by 

incorporating a social friend 

network. Secondly, trust-aware 

recommender systems are based 

on the assumption that users 

have similar tastes with other 

users they trust. This 

hypothesismay not always be 

true in social recommender 

systems since the tastes of one 

user‟s friends may vary 
significantly. Some friendsmay 

share similar favors with this 

user while other friends may 

have totally different tastes. 

Hence, trust-aware 

recommendationalgorithms 
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cannot be directly applied to 

generate recommendations in 

social recommender systems. 

Thirdly, due to the rapid 

growthof Web 2.0 applications, 

online users spend more and 

more time on social network 

related applications since 

interacting with realfriends is the 

most attractive activity on the 

Web. On the contrary, only few 

online systems, like Opinions, 

have implementations oftrust 

mechanism. Thus, in order to 

provide more proactive and 

personalized recommendation 

results to online users, they 

should 

paymoreattentiontotheresearchof

socialrecommendation, 

inadditiontotheexistingresearchof

trustawarerecommendation 

3.PROPOSED SYSTEM 

 I

n the proposed system, the 

system implements for sentiment 

similarity computations, we use a 

deep and more granular division 

to the reviews text. However 

other traditional sentiment 

analysis studies were able to find 

the propensity of sentiments, but 

this tendency concern in the 

overall evaluation and trend of 

the review. These cannot reflect 

the perception of the specific 

attributes and characteristics of 

things in reviews. The system 

also propose a fine grained 

analysis method for the 

evaluation entity-sentiment word 

pairs by extracting the specific 

attribute words and feature in the 

reviews. 

 T

he system proposed for direct 

trust computation, that is, one to 

one trust in the work, we use the 

weighted average method to 

compute them, which is similar 

to other existing works. 

However, at the same time, we 

introduce an accompanying 

factor of sentiment, the rating 

which widely exists in E-

commerce reviews, for weights 

evaluation. Which is, the direct 

trust calculation impacted by the 

facts whether the users have the 

same sentimental tendency or not 

for the same thing.  

 T

he system proposed for 

propagation trust computation, 

which is one to one trust though 

a third ones, we introduce graph 

based propagation algorithm. 

based on the proposed trust 

representation model, we use a 

shortest path to describe the 

tightness of trust and put forward 

an improved shortest path 

algorithm to configure out 

propagation trust relationship 

between users. The propagation 

trust is computed by integrating 

the direct trust based on shortest 

path algorithm 

 

 

283



 

Volume 11, Issue 03, Mar 2021                          ISSN 2581 – 4575 Page 200 
 

 3.1 ARCHITECTURE 

 

Fig 1: Architecture 
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ESeller 

In this module, the ESeller has to 

login by using valid user name 

and password. After login 

successful he can perform some 

operations such as View and 

Authorize Users,View Friend  

Request/Response ,Add and 

View Categories ,Add 

Products,View All Products with 

Ratings ,View All Products's 

Reviews ,View All Sentiment 

Similarity By Reviews ,View All 

Purchased Products ,View 

Deleted Friends ,View User 

Query Keyword ,View All 

Product Consumes By Users 

,View All Recommended 

Products ,View Product Rank 

Results . 

Viewing and Authorizing Users 

In this module, the admin views 

all users details and authorize 

them for login permission. User 

Details such as User Name, 

Address, Email Id and Mobile 

Number. 

Add and View Category as 

Domain 

In this module, the admin adds 

Categories like Movie, Products, 

and Sports etc. 

Add Posts as Products 

In this module, the admin can 

add Posts by Selecting Domains 

and by Providing Posts Details 

Such as, Post Name, Description, 

Images and Uses. 

View all Posts with Rating 

based on Ranks 

In this module, admin can see all 

his added posts with details (Post 

Name, Description, Uses and 

Images) along with Rating and 

Rank. Rating is Calculated Based 

on Ranks. 

View User Query Keyword 

and Analyze the Query 

Subgroup 

In this, the admin can see all the 

query keyword used by the users 

to search for posts and the Exact 

Matched Posts and the Query 

Subgroup (Posts which come 

under Matched Posts Category). 

View all Recommended 

Products  

In this, the admin can see all the 

posts which are recommended by 

the users to their friends. 

Recommended posts can be seen 

by selecting particular Category. 

Categorize Users Based on 

Products Consumes with user 

Images 

In this, the admin can view all 

the users who are all liked a 

particular post and who are all 

recommended a particular post. 

The result can be seen in a 

design graph by selecting a 

particular post name. 
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View Product Rank Results 

In this, the admin can view 

products ranks in a graph. The 

Rank is calculated based on the 

number of likes made on 

particular post. 

User 

In this module, there are n 

numbers of users are present. 

User should register before 

performing any operations. Once 

user registers, their details will 

be stored to the database.  After 

registration successful, he has to 

login by using authorized user 

name and password. Once Login 

is successful user can perform 

some operations like Search 

Friends,View Friend 

Requests,View My 

Friends,Delete My Friends 

,Search Products and 

Recommend ,View Post 

Recommends ,Friends Products 

Consumes 

Viewing Profile Details 

In this module, the user can see 

their own profile details, such as 

their address, email, mobile 

number, profile Image. 

Search Friends, Request, and 

View Friend Requests, View all 

Friend Details 

In this, the user search for other 

users by their names, send 

requests and view friend requests 

from other users. User can see all 

his friend details with their 

images and personnel details. 

Search Query by keyword  

In this, the user can search for 

post by query keyword and the 

results will displayed in as two 

groups. The one is exactly 

matched posts and the other is 

posts which are all belongs to 

matched post’s categories. 

The user can like or dislike and 

can recommend found posts to 

their friends by giving their 

opinion on that post. 

View all Your Friends 

Recommended Posts to You 

In this, the user can view all his 

friends recommended posts to 

user. The user can view 

recommended post details with a 

friend opinion on that post. 

View Your Friends Products 

Consumes details with their 

images 

In this, the user can view all his 

friends products consumes 

details that is, if the friend liked 

or recommended on any post, 

those details will be shown in a 

design with friend details. 

4.CONCLUSION 

In this paper, the proposed 

framework presented a novel 

implementation of a product 

recommendation system based 

onhybrid recommendation 
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algorithm. The main advantages 

of this framework is to provide a 

visual organization of the data 

based onthe underlying structure 

and a significant reduction in the 

size of the search space per result 

output. This framework also 

provide asimple method to 

search the products anywhere 

and anytime. Ratings, reviews 

and emoticons are analyzed and 

categorized aspositive and 

negative sentiments. Search the 

products based onprice based 

filtering and reviews 

basedfiltering. MAC 

basedfiltering approach can be 

used to avoid fake reviews. 

Supermarket can benefits 

because easy buying, easy 

transactions and to getmore 

customers. Our method was 

evaluated against real user data 

collected through an online 

website, by using a subset of 

themovieslikedbyeachuserasinpu

ttothesystem.Thecurrentresultsar

enotablybetterthanrandomapproa

ch.HybridRecommendations is 

one of the main modules of the 

system which helps overcome 

the drawbacks of the traditional 

CollaborativeandContentBasedR

ecommendations. 
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